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A New Method for Optimizing Background Value of Grey Model
Gao Yuanyuan, Wei Yong
(College of Mathematics and Information, China West Normal University, Nanchong Sichuan 637009, China)

Abstract: This paper transforms the background value into the original function form after the continuity of the original se—
quence so as to make the grey differential equation more matched with the albino differential equation. Then, based on the primary
fact that the solution of the albino differential equation y(t) is no longer a cumulative function of the original sequence, the paper
does not use the traditional successive subtraction method any more, but directly uses the derivative of y(t) to obtain the simulation
prediction formula. It is proved by rigorous theory that the model in the paper has the overlap of albinism index, coefficient and
translation constant. Therefore, compared with the original NGM (1,1,K) model, the proposed model has the advantage of being ap—
plicable to both high and low growth exponential sequences.

Key words:NGM(1,1,K); approximate non—homogeneous exponential series; background value; overlap
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Empirical Likelihood Inference for Nonlinear Semi—parametric EV Models Under

Martingale Difference Sequences
Lii Shengri, He Bangqiang
(School of Mathematics and Physics, Anhui Polytechnic University , Wuhu Anhui 241000, China)

Abstract: This paper studies the regression model of nonlinear semi—parametric EV models under martingale difference se—
quences, and then uses inverse convolution to obtain the nonparametric unbiased estimation to construct an empirical logarithmic
likelihood ratio statistic for unknown parameters. When the measurement error distribution is normally smooth, the paper proves
that the empirical log—likelihood ratio statistic obeys the asymptotic chi—square distribution, and that the result can be used to
construct the confidence regions of unknown parameters.

Key words: martingale difference sequences; nonlinear semi—parametric model; inverse convolution; empirical likelihood,;

asymptotic chi—square distribution
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