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Review on Nonparametric Likelihood and Their Applications

ZHANG Junjian
( School of Mathematics and Statistics Guangxi Normal University Guilin Guangxi 541006 China)

Abstract: Nonparametric likelihood especially empirical likelihood is one of the nonparametric methods
which has many similar properties with traditional parametric likelihood. This fascinating methodology has
attracted the attention of many researchers and become one of the important research fields in statistics.
Numerous papers have been published and the list is getting longer every day. This review summarizes the
nonparametric likelihood method from estimation test and the applications in complex data based on the works
of the research group. The research approach and content are analyzed some major findings are provided in the
review.

Keywords: nonparametric likelihood; empirical likelihood; estimation; goodness of fit; complex data





